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Introduction
This paper looks at some aspects of the potential role of self-employment in transitional labour markets (TLM), building on previous work by the author (Meager and Bates, 2002) .
The question we are concerned with is whether self-employment transitions operate as positive or negative contributions to labour market dynamics. Do they, on the positive side, help to keep people attached to the labour market who might otherwise fall out; or offer entry routes to people who might otherwise not get into the labour market; or improve the career trajectories of people who might otherwise end up in social exclusion or low wage traps? Or, on the negative side, are they associated with worse outcomes than other kinds of transitions, or with low wages, social exclusion etc?
This paper reviews and adds to the evidence on these for the case of the UK. The UK is of some interest because of its unusual trajectory of self-employment in the last two decades. Additionally it presents an interesting example of an economy which is, on the one hand, relatively favourable to self-employment entry (because of its liberal regulatory regime, deregulated capital markets, the unusual structure of its housing market etc.); and on the other hand an economy in which the institutional infrastructure to mitigate negative effects of the wider extension of self-employment (eg through appropriate pension and social security arrangements, training and education regimes) is relatively underdeveloped.
The paper starts with an account of the recent history of aggregate self-employment in the UK. It follows with a look at the previous evidence from the author and others, on what is known about self-employment transitions and their implications. Next we supplement this with some new data analysis, of two types:
1. Further analysis of the British Household Panel Survey (BHPS), providing evidence on factors influencing self-employment flows during the 1980s and 1990s in the UK. In particular, we recognise the heterogeneity of self-employment and model transitions into and out of different occupational segments of self-employment.
2. Analysis of a longitudinal data set of disadvantaged young people (aged 18-30) supported to enter self-employment. This enables us to compare the labour market trajectories of this group with those of a matched sample of young people not supported to enter self-employment, and to examine the impact of self-employment spells on subsequent labour market experience.
2 Self-employment in the UK: aggregate trends
Dramatic changes in UK self-employment occurred in the 1980s (Meager 1998 , Taylor 2004 , the level and rate of self-employment almost doubling from 1.8 million (7% of those in work) to 3.5 million (13% of those in work). This unprecedented growth in selfemployment (following decades of decline or stagnation) was not shared by other European countries (Meager 1993) . Also striking was the fact that self-employment in the UK grew continuously during this period, independently of the economic cycle, undermining simple causal interpretations of the relationship between the economic cycle and the overall stock of self-employment, in terms of ʹunemployment-pushʹ (Meager, '92) . 1984 1985 1986 1987 1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 1984 1985 1986 1987 1988 1989 1990 1991 1992 1993 1994 1995 1996 1997 1998 1999 2000 2001 2002 2003 2004 % Unemployment as % of economically active (aged 16+)
Self-employment as % of all in work
The picture during the 1990s was rather different following a decline in the recession of the early 90s, self-employment grew again over 1992-95, reaching a new peak before declining markedly over the period 1996-2001 (a period of strong overall employment growth); since 2001, self-employment has again been on an upward trajectory. As in the 1980s, there is no clear relationship between self-employment and the economic cycle ( Figure 2 ). As Meager 1992 and others note, this is not surprising, since the cycle acts independently on self-employment inflows and outflows (eg growing unemployment may have a ʹpushʹ effect on inflows to self-employment, but an economic downturn also reduces business survival rates increasing self-employment outflows); the net effect on trends in the stock of self-employment is indeterminate a priori.
Also relevant is the high degree of heterogeneity among the ʹself-employedʹ in official statistics, a fact often overlooked in economic studies of self-employment (which model self-employment as a single ideal type: an independent ʹentrepreneurʹ or small business proprietor). As many authors point out, self-employment encompasses a wide range of working modes of different degrees of autonomy, some of which conform much more closely than others to the ʹentrepreneurʹ of the economic models. It is, therefore, implausible to model the relationship between the economic cycle and self-employment as a single aggregate, when that aggregate is composed of diverse parts, each responding differently to changes in the economic and institutional environment. This variety is evident, for example, when looking at self-employment trends by occupation, shown in Figure 3 (for the 1990s). Most notable is the fall in managerial selfemployment rates, a marked trend also observed in other UK data sets (Knight and Mckay, 2000) . One hypothesis is that this reflects increasing diversity in the selfemployed, with a relative decline in the proportion who see themselves as small business proprietors, and a growth in the proportion working in their own profession, but on ʹtheir own accountʹ rather than for an employer. More straightforward to interpret is the recent decline in self-employment rates among craft and related occupations. This coincides clearly with the decline in self-employment in the construction sector (discussed below).
Bearing in mind this diversity within the self-employment total, what explanations emerge from the research literature for the recent trends in UK self-employment? For the 1980s, there is a consensus (Acs, Audretsch and Evans 1992, Meager 1993 ) that no single factor explains the unusual growth in UK self-employment. Throughout the period, the UK experienced higher inflow rates to self-employment than comparable European countries, and recent work with household panel data (Taylor 2004; Meager and Bates 2004) confirms that the 1980s growth was driven by changes in the inflow rate (rather than changes in the duration of self-employment spells). These increased inflow rates were, in turn, influenced by several factors, some of which were common to other countries during that period (eg government policies designed to encourage business start-up or to support the unemployed to enter self-employment -Meager 1996 -although these were rather larger in scale in the UK in the 1980s than in many other countries).
Other factors, however, were distinctive to the UK. In particular: the faster shift from manufacturing to service employment (with higher densities of self-employment) in the UK than elsewhere; the contracting out of service functions by large employers, and the growth in sub-contracting, franchising, and privatisation of public services, were all particularly marked in the UK (particularly in the construction sector, where there was an unprecedented growth in self-employment as ʹdisguised wage employmentʹ --Nisbet 1997, Winch 1998, Nisbet and Thomas, 2000) ; a less restrictive regulatory framework for business start-up in the UK than in many continental economies (Meager, Kaiser and Dietrich 1992) ; and a highly deregulated market for financial capital (growing home ownership and rapid house price inflation, facilitating equity withdrawal, contributed to an environment in which it was relatively easy to raise financial capital for business startup).
Turning to more recent periods, there is less consensus in the literature regarding the fall in self-employment during the period 1996-2001. Meager and Bates 2004 point out that inflow rates to self-employment and outflow rates from self-employment were both higher during the 1990s than during the 1980s, but outflow rates grew faster than inflows. The sectoral and occupational patterns described above provide a partial possible explanation -in particular, the period saw a big fall in self-employment in construction, reflecting a campaign by tax and social security authorities to clamp down on ʹbogusʹ selfemployment in this sector (Green 1998; Briscoe et al. 2000) . It is also possible that recent changes in corporation tax regimes provided an incentive for sole traders and selfemployed people to incorporate their businesses (and become employees of their own companies), a possible explanation for the decline in self-employment in ʹmanagerialʹ occupations (Figure 3 above), although lacking hard evidence, this remains a hypothesis. These changes appear to have had a one-off impact, however, and since 2001, selfemployment resumed its upward trend.
The quality of self-employment transitions in the UK
We have seen that the UK experienced during the 1980s and 90s growing rates of transition into and out of self-employment. Self-employment became a state which more people (and different types of people) experience at some stage during their working life. What does this mean for the quality of the labour market experience of the individuals affected?
Overall, the UK findings to date, focusing on the impact of self-employment spells on income levels (Meager and Bates 2002) are not overly supportive of the case for selfemployment as a ʹpositiveʹ element in a transitional labour market (TLM). The data show:
■ Average self-employment incomes are similar to those of employees, but selfemployed earnings are much more polarised than the employee wage distribution (Meager, Court and Moralee, 1996) with larger shares on very high and very low incomes.
■ Once personal characteristics are controlled for, however, being self-employed significantly increases the likelihood of very low earnings. In contrast, being selfemployed does not significantly increase the likelihood of very high earnings (Meager, Court and Moralee 1996) .
■ Despite increased likelihood of low income while self-employed, panel data (Meager and Bates 2002) suggest little ʹscarring effectʹ of self-employment once individuals move into wage employment (this contrasts with recent findings for the USA, however; see below). For those still in the labour market, income levels can recover from the impact of spells of low-income self-employment.
■ Data on lifetime work histories (Meager, Court and Moralee 1996) , however, show that self-employment experience does impact on the incomes in later life of a sample of people aged 55-69. Once other factors are controlled for, self-employment experience is a predictor of very low incomes in later life, but not of very high incomes. Further the ex-self-employed with low incomes in later life tended also to have lower levels of savings and pension entitlements. These conclusions were challenged by Knight and Mackay 2000 , who note that having been self-employed does not reduce average income after retirement; but the key point relates not to average income, but to the dispersion of incomes. Self-employment experience leads to higher probabilities of being in the top and the bottom of the income distribution in later life, but only in the latter case is that association explained by having been self-employed, rather than by other factors.
A tentative conclusion is that a flexible, liberal labour market regime such as the UK may be better at guarding against the short-term effects of self-employment experience on income levels, than in guarding against its long-term effects. Being self-employed raises oneʹs chances of very low income, but this effect does not carry over into wage employment after leaving self-employment; over the life-time, however, the presence of self-employment spells in the previous work history does increase chances of poverty, low savings levels and poor pension entitlement in later life.
Before turning to our new empirical evidence, it is worth noting some interesting findings from another liberal labour market regime (the USA). Williams (2000) using longitudinal US data also shows that self-employment experience produces a significant earnings penalty on return to wage employment (but this effect is present only for women). More recent US panel data analysis (Bruce and Schuetze, 2004) , finds that, relative to continued wage employment, short self-employment spells reduce average earnings on return to wage employment (by 3-11% for men), and that a self-employment spell increases the probability of subsequent unemployment by 3-10%, and of part-time employment by 10-30%. They suggest that their negative results, compared with previous US work reflects not only methodological differences, but also their specific focus on short spells of selfemployment (within a five-year window). Bruce and Schuetze argue that their findings raise important questions about the value of self-employment schemes to support unemployed people to start their own businesses (we consider some data relating to such a self-employment measure in the UK in section 15 below).
Further evidence: self-employment transitions by occupation
We extend the modelling of self-employment entries and exits in the UK using data from the BHPS, coupled with retrospective work history data (from the 1992 and 1993 waves of the BHPS, in 1992 and 1993); our combined data set covers the period 1980-99. Fuller details of the data set, and earlier versions of our analysis are set out in Meager and Bates (2004) 1 . Table 1 models inflows to self-employment for men, women, and all people. The combined model shows that being female significantly reduces the likelihood of selfemployment entry, a familiar finding from earlier research. In a multinomial model (Table  2) , modelling self-employment entry in three occupational groups, the gender effect applies to all three, but is weaker in higher occupational groups. The penalty of being female is smallest in the flow to professional self-employment, and greatest in the flow to unskilled self-employment. Age has a consistent effect in all models, confirming previous research; the relationship is curvilinear, with the likelihood increasing, and then falling with age. Education is an important influence on inflow probabilities. In the aggregate models (Table 1) , those with higher qualifications have more chance of becoming selfemployed (although the effect is not always significant, and the probability does not increase monotonically with education). The occupational models (Table 2) show a more coherent pattern: for inflows to professional self-employment, there is a monotonically increasing relationship with education level. For skilled self-employment inflows, the highest entry probability is among those with intermediate qualifications, while in the case of inflows to unskilled self-employment it is those with higher qualifications who have a lower entry probability. Prior unemployment strongly (and positively) influences self-employment entry in all models. Similarly, prior economic inactivity is a positive influence on inflows (although the effect is weaker than that of unemployment, and found only in the skilled selfemployment model). Among those employed prior to self-employment, occupational status is an influence (Table 2) : professional employees are more likely to enter professional self-employment, skilled employees more likely to enter skilled selfemployment, and both groups significantly less likely to enter unskilled self-employment. Self-employment transitions do not act as a mechanism for mobility between occupational groups within an individual's working life. For men only, the previous sector of employment influences self-employment entry, although it is not clear whether this reflects sector-specific experience gained in wage employment, or greater opportunities to become self-employed in certain sectors. Compared with men who are inactive or employed in the primary or manufacturing sectors, men employed in financial and business services, traditional services, and (especially) construction are more likely to enter self-employment. The construction effect is expected, given the particular characteristics of UK construction, discussed above ( Table 2 shows that the effect is concentrated among skilled and unskilled workers).
Many previous studies find that parental self-employment is a positive influence on selfemployment inflows. Our models are consistent with this inter-generational transmission of self-employment propensity, which is likely to relate to social capital as well as to financial capital and the role of inheritance. Our models record the effect for both men and women (Table 1 ), but Table 2 shows that it applies only to entry to skilled and unskilled self-employment, and not to professional self-employment. Entry to professional self-employment is, however, influenced by the broader occupational background of the father (Table 2) : having a father in professional employment increases the likelihood of entry to professional self-employment (and reduces the likelihood of entry to unskilled self-employment). Table 3 and Table 4 show similar models for self-employment outflows. The effect of gender is particularly marked in the case of professional and skilled self-employment. Self-employed women in these occupations are more likely to exit self-employment (alongside the earlier findings of lower entry propensities, this helps explain aggregate female self-employment rates remaining persistently lower than those of men).
In all the models, outflow propensities decline with age, although the relationship is curvilinear, and the propensities start to rise again in the older years (a retirement effect). Together with the results for self-employment inflows helps, this suggests that the stability of self-employment increases with age; as individuals get older (up to a certain age), they are more likely to enter self-employment, and more likely, having entered, to remain in self-employment. This is consistent with the hypothesis that older individuals are more likely to have accumulated financial and human capital which is relevant both to self-employment entry, and to survival in self-employment.
Qualification level has a positive impact on outflows, mainly among professional occupations; taken together with the inflow findings this suggests increasing dynamism of (professional) self-employment with increasing educational level; the low qualified are less likely to enter this kind of self-employment, but more likely to remain in it when they do. As noted in Meager and Bates (2004) , the UK is unusual in this respect, and similar analysis for some other advanced economies suggests increasing stability of selfemployment with qualification levels. It is possible that self-employment among highly qualified people in the UK is perhaps less stable than elsewhere, due to the 'flexibilisation' of some professional labour markets in the liberal market regime of the UK 2 . Such an explanation is hard to square, however, with the outflow data (Table 3 and Table 4) showing that the professional self-employed are less likely to exit than skilled or unskilled employees.
Turning to sector, the models show that, compared with primary, manufacturing and construction self-employment, employment in the other sectors (services of various types) is less stable, with higher exit rates.
Finally, the models confirm that parental self-employment not only increases the chances of entry to self-employment, but also reduces outflow probabilities. Over and above this effect of a self-employed father, however, there seems to be no effect of the father's social or professional status on the likelihood of exit.
So what does tell us about the ʹpositiveʹ or ʹnegativeʹ dimensions of self-employment transitions in a transitional labour market framework? First, the results reinforce existing evidence on the role of personal characteristics. Thus they confirm persistent gender effects: women are less likely to enter self-employment, and female self-employment is less stable than male self-employment, raising questions about the potential of selfemployment transitions as a ʹpositiveʹ career stage for women (at least without institutions or measures to help sustain them in self-employment). Further, inflow propensities increase and outflow propensities decrease with age throughout most of the working life, suggesting that accumulation of financial and human capital with age facilitates entry to self-employment and protects against exit, in turn raising questions about self-employment transitions as a positive career move for younger people who may lack such financial and human capital (we present in section 5 of this paper evidence from a UK measure to encourage young peopleʹs transition to self-employment). (19) 80.52 (17) 84.36 (17) 35.16 (17) -3639.43 -1620.15 -1357.27 -638.73 *: p<0.10, ** p<0.05, ***:p<0.01 The findings on social mobility and educational background are interesting from a TLM perspective. At aggregate level, the familiar relationship of previous studies is observed: parental self-employment predicts self-employment entry and survival. Inter-generational transmission of skills, attitudes (and possibly financial resources) is found in the literature as an explanation for the homogeneity and stability of self-employment. However, recent work suggests that this traditional homogeneity has been breaking down in recent decades. Our analysis, disaggregating the self-employed by occupation confirms greater heterogeneity at this level. Thus parental self-employment is a predictor of entry into unskilled and skilled self-employment, but not of entry into professional self-employment. For the latter, educational level and general parental social background are more influential. So, for some types of self-employment, the influence of parental selfemployment is moderated by other aspects of social and educational background; at the professional level, self-employment appears to be a labour market segment open to those without a family background of self-employment, if they nevertheless have a high level of education and/or a professional family background. It is much less clear that selfemployment is a vehicle for upward or downward social mobility, between or within generations. Parental social background is a strong influence on entry to professional selfemployment. Equally, looking at an individual's own trajectory, it is clear that there is a strong relationship between an their prior occupational status, and their status in selfemployment. The potential of self-employment as a transitional vehicle for improving individualsʹ labour market position is not confirmed by our evidence; despite the growing heterogeneity of self-employment and increasing rates of transition into and out of selfemployment (Meager and Bates 2004) , the role of social background remains very important in determining those transitions (the main exception being in professional occupations), as does prior occupational background.
5 Do supported self-employment spells raise employability?
A key aspect of the role of self-employment in transitional labour markets is the effect of self-employment spells on subsequent labour market experience, and on the human capital of the individuals affected. One potential justification of self-employment schemes targeted at the unemployed (Meager 1996) , is that even if the businesses quickly ʹfailʹ, the experience of self-employment will enhance their subsequent labour market chances (measured by employment probability or earnings, for example). Such enhancement might be direct (ie self-employment adds to their human capital) or indirect (eg selfemployment has a signalling effect to potential future employers).
We have already cited evidence from UK research on life-cycle impacts of selfemployment spells, suggesting that such experience can have negative impacts on incomes in later life, as well as US evidence that the impact of short-term self-employment spells on incomes and job-finding chances are also negative. We now throw some further light on these questions using UK data, collected as part of an evaluation of a selfemployment scheme targeted at unemployed youth (fuller details of the evaluation can be found in Meager et al. 2003) 3 .
The research followed participants over time 4 , comparing their experience with a matched group of young people, who had not been supported to enter self-employment. A preferred methodology for the evaluation would have been to look at the counterfactual through a control group of people eligible for but denied that support (allocation to the control group would be ideally be random under such an approach). This experimental approach 5 was not possible, as it was necessary to work with an existing sample of selfemployed people supported through the scheme. Instead a quasi-experimental approach was adopted, with a comparison group, matched on a range of characteristics to those in the ʹtreatment groupʹ (the self-employed entrants). Our preferred approach, was to construct a comparison group from the eligible population via 'propensity score matching' but this was not possible in the present case, due to the absence of a database of a clearly-defined group of the population who are eligible for the self-employment measure, to use as a sample frame 6 . The approach chosen, therefore, was to draw a comparison group from an existing database, offering a reasonable basis of comparison with the sample of self-employment entrants in the scheme. The comparison group was drawn from the JUVOS 7 database of unemployed people, an administrative database of the UK public employment service.
As is common in such approaches, practical considerations limited the number of variables on which matching could be undertaken to three. Inevitably with such a matching process, unobserved heterogeneity in the sample gives rise to issues of selection bias. However, the survey method involved the collection of a range of data on observable characteristics (including motivational and attitudinal variables commonly hypothesised to contribute to unobserved heterogeneity in studies of this type). Despite this, however, it is likely that there remain other unmeasured factors which are influential both on the likelihood of a young person seeking support from the self-employment scheme, and on their future labour market outcomes and we consider the possible implications of this later in this paper.
An initial sample of 2,000 participants was surveyed three times at ten month intervals. The comparison sample (1,600 respondents) was selected to fall into the same age range (18-30) as the participants, and matched on three criteria; gender, region and employment status at the date when the matched person in the participant sample entered selfemployment. Table 5 shows some survey attrition between waves, which introduced response bias into successive survey waves of the survey, so the data for waves 2 and 3 of the participant sample, and for wave 3 of the comparison sample were weighted to compensate for this bias. The weighting used logistic regression models, run on the data from the previous wave, estimating the effect of a wide range of variables (including individual characteristics, business characteristics, trading status of the business etc.). These models enabled the estimation of the probability (P) of an individual participating in wave 2 (or wave 3), given that they had participated in wave 1, and took the form:
where X is a matrix of observations on the independent variables, and B is a vector of parameters to be estimated. Having estimated P, the weights to be applied to the data for wave 2 (or wave 3) were calculated as the inverse of this probability (1/P) for each case in the dataset.
The overall survival rate in self employment of the participants was 88% at wave 1 (March/April 2000), 68% at wave 2 (Jan/Feb 2001), and 65% at wave 3 (Nov/Dec 2001). The wave 1 cohort consisted of a representative cross-section of participants who had started in the scheme in the previous 24 months, so by the time of wave 3 the longest selfemployment spells were of nearly four years duration. Taking account of the variable durations of the wave 1 cohort, the data suggest that the survival rate declines steadily to around 70-75% 18 months after self-employment entry, after which the curve flattens out for another 18 months, beginning to decline again as the sample approach their third anniversary of start-up. By the time they approach their fourth anniversary, the survival rate is 50% (Figure 4 ).
Multivariate analysis of these survival rates (using logistic regression and Cox regression models: see Meager et al. 2003 for details), shows that the factors influencing survival are:
■ personal characteristics: white participants have higher survival rates than non-whites as do participants with a family background of self-employment, older participants, and those with intermediate level qualifications;
■ attitudinal factors: running counter to some notions of 'entrepreneurial' behaviour, 'risk averse' individuals record significantly higher survival rates than risk-neutral or riskliving individuals 8 . ■ business characteristics: start-ups in the distribution, catering and transport sectors enjoyed lower survival rates than those in other sectors; similarly businesses dependent primarily on a local market were less likely to survive than those with wider geographical reach.
■ support through the start-up scheme: self-reported dead-weight was strongly and positively associated with survival. This reflects a paradox in the design of selfemployment schemes, well-documented in the literature (Meager, 1996) , namely that such schemes typically record high dead-weight, and the most effective strategy to reduce it (targeting the scheme on the most disadvantaged groups) tends to reduce survival rates. In the present case, the form of funding received under the scheme was also relevant, with those receiving grant rather than loan funding having lower survival rates (the scheme administrators appeared to target grants on the most disadvantaged participants). The amount of funding received is positively (but weakly) associated with survival rates; a stronger positive influence, however, is the receipt of personal support from a ʹmentorʹ. The regressions suggested that this effect was mainly apparent at wave 1, suggesting that such support is particularly important in the early months of self-employment.
We now turn to comparisons between the experiences of the participant sample and the comparison sample on indicators relating to subsequent labour market experience, namely: a) employment status; and b) earnings. Two types of comparison are made:
■ In some cases (when looking at earnings trajectories), it is appropriate to compare outcomes for the entire participant sample with those for the entire comparison sample. Before reporting the multivariate regressions underlying the impact evaluation, it is helpful briefly to look at some descriptive indicators of outcomes in the two samples. The samples were matched in terms of initial employment status (at the time of the participants' entry to the scheme), but by the time of wave 1 (   Table 6 ), the distribution of employment status between the two samples diverged significantly. Thus, in the participant sample, 94% of respondents were in work (all bar 6% still in self-employment), whereas in the comparison sample the employment rate was 47%, almost all of which was wage employment. At each subsequent wave, the employment rate in the two samples converged, with the employment rate of the participant sample falling slightly while that of the comparison sample increased slowly. Nevertheless, by wave 3 the participant sample remained substantially 'better off' than the comparison sample in employment terms. We explore below whether this difference can be explained by other observable differences between the samples, or whether it is due to scheme participation and self-employment per se.
Arguably, however, a more pertinent comparison for evaluation purposes is between the comparison sample and 'non-survivors' in the participant sample. Making this latter comparison (   Table 6) , the difference between the samples is less clear cut. Thus at wave 1, the employment rate of non-survivors (49%) is only just above that of the comparison group (47%). By wave 2 the difference is slightly larger, in favour of participant non-survivors; at wave 3, the position has reversed, and the comparison sample's employment rate at 61%, is slightly above that of the participant non-survivors, at 58%. From these data, there is no clear evidence that once their businesses close, those in the participant sample do better than those in the comparison sample. Moreover, it is worth noting (Meager et al. 2003) that the participant sample turned out to be somewhat older and better-qualified than average than the comparison sample, factors might operate to their advantage in the labour market. The multivariate analysis below controls for these and other factors. There is, however, as the table also shows, a big difference between the participant nonsurvivors and the comparison sample when we examine the composition of employment in subsequent waves. In particular, non-survivors are much more likely than those in the comparison sample to be self-employed. This greater disposition to self-employment among the non-survivors could be due to:
■ the same factors (eg motivational factors) leading them to set up in subsidised selfemployment in the first place; and/or ■ experience of participating in the scheme making them more inclined or able to enter another self-employed business. Other differences between the samples are that comparison sample members are more likely to be unemployed at each wave, and less likely to be economically inactive than non-survivors. Further descriptive statistics from the survey (see Meager et al. 2003) reveal that for both samples (participant and non-survivor) prior employment status is strongly associated with wave 3 employment status. In both samples, those in work prior to the point at which the participant sample started their business, were much more likely to be employed or self-employed at wave 3 than were those who were out of work at the date of scheme entry.
Turning to the multivariate analysis, Table 7 contains three models, exploring differences between employment outcomes in the two samples at wave 3. Model 1 is a multinomial logistic model, based on the comparison sample and participant non-survivors at wave 3. It looks, for the combined population, at the likelihood of being self-employed, unemployed or inactive. In each case, this is assessed relative to the likelihood of being in waged employment. A key explanatory variable in each model is the dummy variable identifying which sample the respondent is drawn from, picking up the 'effect' of scheme participation.
The table shows that, controlling for the other factors in model 1, being in the participant sample significantly increases the likelihood of self-employment at wave 3, and reduces the likelihood of unemployment. It makes no difference to the likelihood of being inactive.
Other variables with significant influence in the model are in line with prior expectation. Thus the only other variables with a significant (positive) influence on the likelihood of self-employment are parental self-employment and prior self-employment experience (both variables well-established in the literature as influences on self-employment propensities).
When it comes to unemployment, more variables are significant: men, those at the upper end of the age range, ethnic minorities, single people living alone, those with dependent children, non-home owners, and those with a risk-neutral or risk-averse attitude are more likely to be unemployed. Additionally, there are some regional effects, and those previously employed (prior to scheme participation) are less likely to be unemployed.
Lastly, looking at factors affecting the chances of economic inactivity (relative to waged employment): women, disabled people, married people, those with intermediate qualifications, and those not previously in work (prior to scheme participation) are more likely to be inactive.
Model 2 is a simpler formulation, a logistic regression with a dichotomous dependent variable measuring whether the respondent is in employment of any type (waged employment, supported self-employment, or other forms of self-employment) at wave 3 (rather than unemployed or economically inactive). It is based on the combined sample at wave 3, ie participants (survivors and non-survivors) together with the comparison sample. The results are broadly comparable with those of model 1: the scheme participation variable is again significant and positive. In addition, ethnic minorities are less likely to be in work, as are those who are single and living with their parents, those with lower level qualifications, and those who were previously unemployed or inactive.
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Institute for Employment Studies Model 3 bases the comparison between the two samples on non-survivors only, ie the question concerns how well those who have left supported self-employment by wave 3 fare in employment terms, compared with those in the comparison sample. As in model 2 the dependent variable is whether the respondent is in work. Overall, the findings are broadly similar to those of the other two models. A key difference, however, is that the coefficient on scheme participation is small and not statistically significant.
Thus, once other factors are controlled for, it seems from models 2 and 3 that being in the participant sample rather than the control sample increases employment chances at wave 3, but only when the participants' scheme-supported businesses are still trading. Being in the participant sample makes no difference (positive or negative) to subsequent employment chances for non-survivors. In this sense the multivariate analysis broadly supports the conclusions suggested by the simple descriptive data in Table 6 above.
Turning to look at earnings outcomes, Table 8 tracks net (post-tax) earnings of the survivors and non-survivors (in work) in the participant sample at each wave, and those in work in the comparison sample for waves 2 and 3. Most interest centres on what has happened by wave 3. It is clear that those in the participant sample who remain in their (scheme-supported) self-employment contain, by far, the largest concentrations of extremely low earnings. There is less difference between the distributions of earnings of non-survivors and those in the comparison sample but, on balance, it appears that the non-survivors' sample exhibits a more polarised distribution than that of the comparison sample, with higher proportions in both the highest and lowest earnings categories. Table 9 summarises wave 3 earnings distributions of the three sub-samples, presenting, in each case, mean and median earnings. It confirms, on both measures, that those surviving in scheme-supported self-employment have the lowest earnings at wave 2. Looking at non-survivors in work, median earnings are very similar to (slightly higher than) that of working members of the comparison sample, but mean earnings the nonsurvivors group is much higher than that of the comparison sample, reflecting the greater polarisation of earnings among non-survivors. Once again, however, to look at the impact of self-employment experience on subsequent earnings, a multivariate approach is required. For this, the two samples were again merged, and earnings equations estimated (based on self-employed and employees across both samples). Table 10 reports four earnings equations. The first focuses on all selfemployed respondents at wave 3. The measure of earnings used here is the logarithm of net weekly earnings. In model 2, self-employed individuals are also the focus, but earnings are the logarithm of net hourly earnings. Model 3 considers the logarithm of net weekly earnings among employees, while model 4 is based on the logarithm of net hourly earnings among employees.
Estimation of these earnings equations requires us to consider sample selection issues. The problem can be summarised as follows. Respondents choose self-employment (or wage employment) over other alternatives. We observe only the earnings from those entering self-employment (or wage employment) over those alternatives. If those entering self-employment (or wage employment) have a propensity to earn more than those who do not, then the sample of observed earnings will be biased upwards. The sample selection models assume that whether or not earnings are observed depends upon an underlying selection equation 9 (for an overview see Heckman 1979 ) .
The key findings from the models are:
Personal and related characteristics: the effects of sex on weekly earnings are not significant among the self-employed but are significant among employees. However, it is possible that the association between sex and earnings is significant because men are more likely to be working in full time employment (when hourly earnings are considered in model 4, the sex variable is no longer significant). Among other personal characteristics, age, disability and attitudes to risk were not significant determinants of earnings. Ethnic origin is significant (in model 3) in the expected direction, but this does not affect self-employed earnings.
Educational and career background: there is no clear relationship between self-employment earnings and qualifications at wave 3, or between earnings and the age at which the respondent left full-time education. However, there is a 'qualification effect' among employees. Relative to employees reporting NVQ level 5, those with lower level or no qualifications had lower incomes. In all cases except that of hourly earnings among employees, those in employment immediately prior to self-employment entry had higher earnings than those who entered from unemployment or inactivity.
Business and related characteristics:
There is no regional earnings effect for the selfemployed, although a London effect is apparent for employee earnings. There is no clear relationship between industrial sector and earnings among self-employed workers, 9 although among employees, those engaged in business-related services or public administration had higher hourly incomes, relative to employment in primary industries.
Effects of scheme participation: the model contains three variables to capture the potential influence of the scheme: whether the respondent is from the participant sample (received financial support via the scheme); whether the respondent received ʹmentoringʹ support via the scheme; and the amount of funding the respondent received from the scheme. Among the subsequently self-employed, there is a positive association between earnings and the amount of scheme funding received. However, it is striking that respondents from the participant sample had lower levels of self-employment weekly earnings than their comparison sample counterparts. Unfortunately, it is not possible to determine whether the differences in earnings between the self-employed in the two samples relate to unobserved aspects of respondentsʹ personal characteristics, their 'human capital' or the nature of their businesses. As the 'sample' variable is not statistically significant (or barely significant at 95%) in the models for employee earnings, however, it is tempting to hypothesise that the variables included in the self-employment models capture a fair proportion of the differences in personal characteristics and human capital across both groups. It may, therefore, be that unobserved business characteristics are responsible for differences in self-employment earnings between the two groups.
The association between ʹmentoringʹ received via the scheme and the subsequent earnings of the self-employed is, counter to initial expectation, negative and statistically significant. The causation is difficult to determine, but we can hypothesise that the self-employed in greatest need of support (eg because their businesses were the least successful) might also have been more likely to have been offered continuing mentoring guidance by the scheme administrators.
To conclude this part of the paper, we have already noted the need for caution in comparing labour market outcomes of the participant sample and the comparison sample, because of the possibility of selection bias. It is plausible, for example, that there are motivational differences between the two groups (although our surveys collected some attitudinal data, eg relating to risk-taking). It is also likely, however, that if such differences are relevant to subsequent labour market success, they would lead us to overestimate scheme impact. This is because attitudes favourable to joining a self-employment scheme are likely also to favour employment success, and we risk attributing outcome differences to scheme participation, when they are in fact due to the higher motivation etc among scheme participants.
Despite this likelihood that any bias operates in favour of finding positive scheme impact (where there is none), or of over-estimating the size of such impact, it is notable that we find no evidence that scheme participation has any significant impact on subsequent employment or earnings (it is, of course, possible that a long-term impact exists, beyond the three waves of our survey). Among those leaving a short spell of (supported) selfemployment, there is no increase in subsequent chances of being in work over their counterparts in the comparison sample. Similarly, self-employment experience does not enhance subsequent earnings levels as an employee. Rather those in the scheme are worse off than the comparison sample while in their self-employment spell, and no better off (or possibly worse off) after that spell.
Concluding remarks
Our review of UK evidence on the impacts of self-employment spells on careers and income levels in the short-run and over the lifecyle, supplemented with more recent work with UK panel data, does not suggest that such spells (in the unregulated UK environment) make a major contribution to enhancing those careers and income levels, justifying some scepticism regarding the promotion of self-employment as a policy tool within a TLM framework.
The UK evidence shows that the self-employed are highly polarised, with a more dispersed income distribution than employees. Once other factors are controlled for, the self-employed are over-represented in the lowest decile of the labour income distribution. Short-term scarring effects in income terms are limited, however, and on return to wage employment recent self-employment spells do not impair income chances (recent US evidence does, however, suggest a scarring effect on earnings). There are, nevertheless, longer-term effects: having had self-employment spells during the working lifetime is a predictor of low incomes in later life (an effect compounded by low savings levels and pension entitlements).
Our own work in this paper shows persistent gender and age effects in self-employment flows: women (and young people) are less likely to enter and to survive in selfemployment than men (and older people). Most striking, however, are the results regarding self-employment as a vehicle for social or occupational mobility. Despite the growth in and increased dynamism of self-employment, having had a self-employed parent remains a strong predictors of entry to, and success in self-employment. The intergenerational transmission of self-employment propensities applies particularly to the selfemployed in semi-and unskilled occupations. In professional occupations, parental background is also a predictor of self-employment entry, but in this case it is parental occupational background which acts as a predictor. Our findings do not suggest that, in the UK at least, self-employment transitions are a vehicle for upward (or downward) social mobility, either within or between generations.
Finally, as far as self-employment measures as part of an active labour market policy framework are concerned, our UK findings do not support arguments for selfemployment schemes for unemployed beneficiaries based on their subsequent impacts on 'employability'. This reinforces the pessimistic conclusions from US studies on the potential of self-employment spells and supported self-employment as positive mechanisms in a TLM framework. What remains to be seen, is whether these kinds of results from the relatively un-regulated liberal UK/US policy regimes, would also apply in other countries which both place greater restrictions on self-employment entry, and which may also offer more effective support mechanisms for those entering or moving through self-employment.
